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**http://www.fda.gov/downloads/DrugsGuidanceCompliance 
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Some areas of application of Some areas of application of 
Bayesian adaptive drug trialsBayesian adaptive drug trials
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Some areas of application ofSome areas of application ofSome areas of application of 
Bayesian adaptive device trials
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A Bayesian statistical design was used with ay g
range in sample size from 600 to 1800 patients.
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Bayes and Comparative Bayes and Comparative 
Effectiveness ResearchEffectiveness Research
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Application to Implantable Cardioverter DefibrillatorsApplication to Implantable Cardioverter Defibrillators
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Predictive Probabilities over TimePredictive Probabilities over Time

Predicted Model 3 Predicted Model 1
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FDA/NIH Grant for FDA/NIH Grant for 
Bayesian Adaptive 

Designs in Neurology
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"Our current approach [to trials] is horribly 
inefficient and we need to do something better "inefficient, and we need to do something better,  
says Roger Lewis, an emergency medicine 
physician at Harbor-University of California, Los p y y ,
Angeles, Medical Center. Lewis helps advise a 
company called Berry Consultants …
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Lewis and Berry, along with emergency 
medicine physician William Barsan at themedicine physician William Barsan at the 
University of Michigan, will be studying whether 
"adaptive" trial designs that incorporate new p g p
information in midcourse can answer medical 
questions. They also want to learn what 

h i h h b hiconcerns researchers might have about this 
approach.
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Example from 
BB2009

Type II diabetes
S l h II/III d
Type II diabetes
S l h II/III dSeamless phase II/III: dose 
finding plus confirmation
Seamless phase II/III: dose 
finding plus confirmation
Active comparator & placebo
Primary endpoint:
Active comparator & placebo
Primary endpoint:Primary endpoint: 
clinical utility index (12 months)
Primary endpoint: 
clinical utility index (12 months)

1818



Some DetailsSome Details
Longitudinal modelingLongitudinal modeling
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